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[ Abstract ] Artificial intelligence refers to intelligence exhibited by man-made machines, with
widespread social application. In medicine, artificial intelligence has been applied in medical imaging, in vitro
diagnosis, surgical navigation, intelligent rehabilitation and big data on healthcare, and has played an
important role in increasing the diagnosis rate of cancer, accelerating the development of new drugs, improving
the diagnosis and treatment experience of patients and predicting the patients’ prognosis. At present, the
researches on artificial intelligence in breast cancer have made a lot of progress. We briefly summarized the

application of artificial intelligence in imaging and pathological diagnosis of breast cancer and development of

anti-cancer drugs.
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